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Abstract 

Background: As the modern business environment is highly volatile and demanding, 
orchestrating all business and IT components and capabilities is crucial. Firms use 
enterprise architecture (EA) for this purpose. However, it is currently by no means 
clear how EA-driven firm capabilities facilitate becoming agile. When firms are agile, 
they can recombine digital resources to change the business practice while coping 
with uncertainty and recovering rapidly from disruption through innovative digital 
technologies. 

Method: This study embraces the dynamic capability view, develops a model, and 
validates the associated hypotheses using cross-sectional data from 176 firms using 
a Partial least squares structural equation modeling (PLS-SEM) and a Fuzzy-set 
qualitative comparative analysis (fsQCA) approach. 

Results: The outcomes show that EA-driven dynamic capabilities are a crucial 
antecedent of digital project benefits. In turn, these benefits positively enhance agility. 
The study also embraces a complementary configuration perspective in unfolding 
various capability configurations that explain high levels of distinct digital project 
benefits. 

Conclusion: Hence, this study’s outcomes support the theorized model, and both 
the PLS and configurational outcomes shed light on how to become digitally agile in 
practice. 

Keywords: EA-Driven Dynamic Capabilities, Digital Project Benefits, Agility, Partial 
Least Squares Structural Equation Modeling (PLS-SEM), Fuzzy-set Qualitative 
Comparative Analysis (fsQCA). 
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Introduction 

Modern firms in hyper turbulent markets are pressured to increase business operations’ 
efficiency and effectiveness to realize the firm’s strategic direction and unlock the true potential 
of new and disruptive digital business models (Bharadwaj et al., 2013). Among the core 
directions and objectives, firms typically aim to rapidly engage in and provide digitally 
enhanced products and services to their customers that drive new revenue streams and 
increase profitability while minimizing operational and overhead costs (Yoo et al., 2010).  

In recent years, firms have to respond to current challenges using advanced digitization 
opportunities such as IoT, DLT, big data analytics, and platformization. These digital 
opportunities have excessively altered existing value chains, and the need to become digitally 
agile as a means to integrate and reconfigure digital assets and capabilities (Eggers & Park, 
2018; Karimi & Walter, 2015; Sambamurthy et al., 2003; Verhoef et al., 2019). The firms’ vision, 
strategies and ambitions, business context changes, and evolving business models seemingly 
imply an increasingly complex organizational context. To orchestrate all business and 
information systems (IS) and information technology (IT) components and capabilities in digital 
and organizational transformation, firms increasingly adopt Enterprise Architecture (EA). EA 
helps firms document current and desirable future states of firms’ digital infrastructure, 
processes, and capabilities (Ross et al, 2006; Shanks et al., 2018). Therefore, EA can be 
considered ‘a strategy’ to achieve specific business goals and objectives (Ross et al., 2006) 
and enable firms to become agile, aligned, customer-focused, and enable better decision-
making across the firm (Bradley et al., 2012; Hazen et al., 2017).  

There is a substantial knowledge base on the concept of EA. However, limited scholarship 
exists on how firms can leverage EA to create digital business benefits and value, and 
therefore, substantial gaps remain in the literature (Kotusev, 2018). To be more specific, there 
is currently no empirically work that assesses the relationship between EA-driven 
capabilities—that synchronize business and IT resources using EA while aligning goals, 
objectives with the particular use of IS/IT—, outcomes of discrete digital projects, and their 
collective effect on agility (Korhonen & Halén, 2017; Pattij et al., 2020; Shanks et al., 2018; 
Van de Wetering, 2019b). These digital project benefits can be considered the outcomes of 
discrete projects improved by EA-driven dynamic capabilities and consist of four components: 
digital distinctive competencies, digital strategic alignment, data diagnosticity, and decision-
making effectiveness (Bharadwaj et al., 2013; Bradley et al., 2012; Cao et al., 2019; Chanias 
et al., 2019; Ghasemaghaei & Calic, 2019). Digital and business-driven changes in firms 
typically contain these components’ elements, depending on the change project’s nature 
(Foorthuis et al., 2016; Lange et al., 2016; Melville et al., 2004; Shanks et al., 2018). 

Agility can be considered the firm’s stance of exploring and creating new resources and their 
applications using new innovative digital technologies (e.g., big data analytics, IoT, robotics 
process automation, digital security, cloud, mobile, and social media platforms), and the firm’s 
capability to cope with uncertainty and recover rapidly from disruption through the use of these 
innovative digital technologies (Lu & Ramamurthy, 2011; Sambamurthy et al., 2007; 
Subramaniam & Youndt, 2005; Tallon & Pinsonneault, 2011). Many firms are digitally 
transforming their business through an ongoing process of using new digital technologies 
(Warner & Wäger, 2019). Digital transformation can be considered “…an organizational 
transformation that integrates digital technologies and business processes in a digital 
economy” (Liu et al., 2011, p. 1730). However, the extant literature argues that agility is 
required to achieve digital transformation (Lu & Ramamurthy, 2011; Sambamurthy et al., 2003). 
Agility enables firms to recombine digital resources and assets with other organizational 
resources to change existing operating and business models and strengthen the firm’s 
capabilities to cultivate new innovative services, change current working ways, and create 
value for customers by embracing the dynamics of digital ecosystems to address the changing 
conditions of the firm (Karimi & Walter, 2015; Sambamurthy et al., 2003; Teece, 2010; Verhoef 
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et al., 2019). However, the extant literature is currently not explicit on how firms can drive 
exploration and exploitation in agility. Part of this is because the mechanism to achieve agility 
is not well understood, and that pervasive digitization in the business practice has contributed 
to this particular complexity (Park et al., 2020). When firms are agile, they rapidly engage the 
organization on new ‘radical’ digital initiatives and solutions while improving the existing 
product and solution portfolio. In this regard, it is essential that firms consciously build and 
deploy the ability to proactively change while going forward as firm resources are typically 
scarce in the current hyper turbulent economic environment. Galliers (2006) even argues that 
unless firms can simultaneously exploit existing capabilities and respond to the business 
environment, they will most likely face a common dilemma of gaining efficiency at innovation 
expense.  

Many familiar tech firms like ‘The Four’ (Facebook, Amazon, Apple, Alphabet) and other 
market leaders excel in the marketplace by leveraging their digital solutions and services and 
even shaping the market (McKinsey, 2020). However, from the literature, we know that firms 
struggle with balancing the exploitation of existing capabilities while simultaneously proactively 
responding to the environment’s requirements by building new digital capabilities and 
leveraging digital tools (Svahn et al., 2017).  

Based on the above, this study aims to extend existing work on EA and benefit realization 
through the dynamic capabilities view and tries to explain how EA-driven dynamic capabilities 
enhance agility through digital project benefits, i.e., the extent to which EA-driven dynamic 
capabilities improve digital distinctive competencies, digital strategic alignment, decision-
making effectiveness, and data diagnosticity (Bharadwaj et al., 2013; Bradley et al., 2012; Cao 
et al., 2019; Chanias et al., 2019; Ghasemaghaei & Calic, 2019; Van de Wetering, 2021). This 
study also tries to extend the incorporated conventional regression-based approach with a 
more nuanced approach that sheds light on co-existing conditions to obtain high levels of 
digital project benefits. This study uses fuzzy-set qualitative comparative analysis (fsQCA), a 
technique that enables a rich understanding of reality in which various possible configurations 
can be obtained through multiple ways (Fiss, 2007; Van de Wetering et al., 2017; Woodside, 
2013). FsQCA thus renders combinations of causal antecedent conditions and handles 
nonlinear and asymmetric relationships more effectively than correlational techniques, such 
as structural equation modeling (SEM) (Woodside, 2014).  

To this end, this study’s research questions are as follows: To what extend can EA-driven 
dynamic capabilities enhance the firm’s agility by realizing digital project benefits? 
Furthermore, which unique configurations of EA-driven dynamic capabilities contribute to 
achieving the firm’s digital project benefits? 

This paper is organized as follows; first, the theoretical background is outlined, and the core 
theories relevant to this work are reviewed. Then, key literature on EA-driven capabilities is 
synthesized, and hypotheses are developed that underlie the research model. Next, this work 
outlines the empirical study, including the data collection, analyses, and measures used in this 
study. Finally, this paper outlines the empirical results by first confirming the model’s reliability 
and validity and then testing the developed hypotheses drawing on a sample of 176 CIOs, IT 
managers, and lead architects. This study ends with a discussion and conclusion section. 
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Theory and Hypotheses 

Resources-based View and Capability-building 

Ever since the late ’80 and early ’90, scholars and practitioners started to build upon strategic 
management theories and argue that organizations can achieve and sustain a competitive 
advantage due to the IT resources they own or have under their control (Wade & Hulland, 
2004). However, the literature documents that investments in IT do not always yield the 
presumed and anticipated results and may even impede the process of rapidly adjusting to 
the competitive environment (Brynjolfsson & Hitt, 1998; Carr, 2003; Overby et al., 2006; 
Strassmann, 1990). In the context of IT, the central claim within the “resource-based” studies 
is that the adoption, deployment, and practices of IT as a unique and difficult-to-imitate 
resource creates business value (Bharadwaj, 2000; Wade & Hulland, 2004). The resource-
based view of the firm (RBV) is generally perceived to be one of the key contemporary theories 
within strategic management, innovation, and IT-business value research. Under the RBV, 
firm resources represent the essential input of the processes, while capabilities represent the 
firms’ capacity to (re)deploy these particular (EA) resources, aiming to achieve a particular 
goal. 

The literature has proposed that firms that can leverage their EA resources, EA content, EA 
standards, services, and capability models will be better equipped to achieve organizational 
benefits (Shanks et al., 2018; Someh et al., 2016). RBV studies, thus, acknowledge that the 
process of leveraging EA resources in combination with other organizational business and IT 
resources is a source of advantage and value creation. Hence, EA resources and capabilities’ 
full value potential can only be achieved if sufficiently deployed to enhance business 
processes and core competencies (Wade & Hulland, 2004). From the above discussion can 
be gleaned that firms must identify the capabilities that EA should be targeted in enabling or 
strengthening. 

Recently, studies have emphasized deploying EA resources and assets to be leveraged for 
business transformation and contribute to the development of better EA-driven capabilities 
(Shanks et al., 2018; Someh et al., 2016). EA-driven capabilities highlight EA’s particular 
usage in the process of decision-making and the organizational routines that drive IT and 
business capabilities (Hazen et al., 2017; Shanks et al., 2018). These capabilities evoke both 
strategic and operational benefits and contribute to achieving high levels of competitive 
advantage. These particular studies build upon the dynamic capabilities view (DCV) as an 
extension of the RBV.  

The DCV stresses the importance of grounding a business strategy in strong dynamic 
capabilities (Teece, 2014). The DCV extends the RBV as the DCV addressed particular 
shortcomings of this theory as a means for firms to evolve in changing environments and 
maintain a competitive edge. Various studies argue that dynamic capabilities are the primary 
source of sustainable competitive advantage in industries where technology and the market 
change (Eisenhardt & Martin, 2000; Mikalef et al., 2021; Teece et al., 2016). Following (Teece, 
2007; Teece et al., 1997; Verona & Ravasi, 2003), the current study defines dynamic 
capabilities as a specific subset of capabilities that allow firms to integrate, build, and 
reconfigure internal and external resources and competencies to create new products and 
processes, and respond to changing business environments. Dynamic capabilities are rooted 
in the firm’s history and business model, which are difficult to imitate (Teece, 2007). Teece 
(2007) also argues that developing dynamic capabilities is crucial to fostering agility and 
associated requirements for digital-driven innovation. Only dynamic capabilities support 
evolutionary fitness and innovation within the turbulent business ecosystem (Teece, 2009, p. 
7), which helps organizations to create value and prosper in the marketplace (Kindström et al., 
2013). 
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The DCV provides an interesting lens to address challenges in the management and IS 
domain as it can unfold the business/IT-value value paths within firms (Di Stefano et al., 2014; 
El Sawy & Pavlou, 2008; Li & Chan, 2019; Sambamurthy et al., 2003; Schryen, 2013; Van de 
Wetering, 2019b). Therefore, this study is grounded in the DCV and claims that EAs can be 
leveraged within firms, but only when infused in the firms’ dynamic capabilities that collectively 
use the EA to sense environmental threats and business opportunities implementing new 
strategic directions. Therefore, this study conceives ‘EA-driven dynamic capabilities’ as a 
dynamic capability that drives the firm’s strategic direction and the deployment of new 
business and IT initiatives. 

Synthesis of Enterprise Architecture Capabilities 

EA-driven capabilities can be considered organizational capabilities that use the firm’s EA for 
asset sharing and reconfiguration and renewal of organizational resources (Someh et al., 
2016). Researchers argue that EA-driven capabilities are crucial for firms in decision-making 
routines and effective IT and business capabilities (Hazen et al., 2017; Shanks et al., 2018). 
For instance, Shanks et al. (2018) claim that EA-driven capabilities are essential to leveraging 
EA advisory services across the organization. The benefits of EA advisory services are 
realized through technology- and business-driven dynamic capabilities. As such, the extant 
literature proclaims the value of EA-driven capabilities. EA-driven are, thus, a key driver of 
operational and firm benefits and a key asset to achieve strategic goals and objectives. 
Specifically, through EA strategic orientation—and EA assimilation—as dynamic and 
operational capabilities, firms’ business agility can be more competitive (Hazen et al., 2017). 
EA-driven capabilities help organizations identify and implement new business and IT 
initiatives to ensure that the firms’ assets and resources align with their needs (Frampton et 
al., 2015; Grave et al., 2021; Tamm et al., 2011). Such a capability highlights the particular 
usage of EA in decision-making processes and the organizational routines that drive IT and 
business capabilities (Hazen et al., 2017; Shanks et al., 2018). A recent scholarly contribution 
(Korhonen & Molnar, 2014) shows that EA, as a strategic capability, is key to governing 
business-driven, value-oriented enterprise transformation. Toppenberg et al. (2015) concur 
with this particular view, as they show how EA capability contributes to different acquisition 
process stages by reducing complexities and difficulties. So, EA-driven capabilities provide 
value within the firm and enhance corporate acquisition processes and intrafirm engagements. 
Foorthuis et al. (2016) empirically demonstrate the value of EA-driven capabilities in the 
process of achieving business goals and objectives. So, the current status of EA-driven 
capabilities shows us that these particular capabilities enable firms to leverage their EA 
effectively (Hazen et al., 2017; Tamm et al., 2011), contribute to IT efficiency and IT flexibility 
(Schmidt & Buxmann, 2011), and can drive alignment between business and IT (Hinkelmann 
et al., 2016). 

Enterprise Architecture Driven Dynamic Capabilities 

Based on the dynamic capabilities view and recent EA-driven capabilities work (Shanks et al., 
2018; Van de Wetering, 2019a; Van de Wetering & Dijkman, 2021; Van de Wetering et al., 
2020), three related but distinct dynamic capabilities can be synthesized, i.e., EA sensing 
capability, EA mobilizing capability, and an EA transformation capability. Firms can cultivate 
these capabilities and business value sources to support their strategy, business goals, and 
organizational benefits. This study will now provide an overview of these three EA-driven 
dynamic capabilities. 

A firm’s EA sensing capability accentuates EA’s crucial role in firm-wide procedures and 
routines to sense and identify new business ventures and undertakings and even possible 
threats. EA sensing capability also facilitates firms by proactively cultivating a reactive and 
proactive capacity in the business domain (Overby et al., 2006; Pavlou & El Sawy, 2011; 
Shanks et al., 2018). Moreover, EA sensing capability involves adequately evaluating the 
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consequences of ongoing transformations on a firm’s EAs (Pavlou & El Sawy, 2011; Shanks 
et al., 2018). This capability also accentuates the deployment of EA resources to improve 
business processes and review EA services (e.g., providing content, EA standards, skills, and 
knowledge) and ensure that they are in line with what key (internal and external) stakeholders 
want (Van de Wetering, 2019a).  

The second EA-driven dynamic capability, i.e., EA mobilizing capability refers to the firms’ 
capability to use EA to evaluate, prioritize and select potential solutions and mobilize 
resources in line with a potential solution or potential threats (Overby et al., 2006; 
Sambamurthy et al., 2003; Shanks et al., 2018; Wilden et al., 2013). Once business 
opportunities are sensed (e.g., technological or market), firms should address them through 
the use of new products, processes, or services (Teece, 2007). Thus, EA mobilizing capability 
focuses on seizing opportunities using EA and drawing up detailed plans to carry out a 
potential solution. The EA mobilizing capability construct also concerns EA’s use to review 
and update firm-wide routines orchestrated with recognized good practices (Wilden et al., 
2013). Finally, an essential requisite for EA mobilizing capability is to secure access to 
resources (e.g., human capital, financial resources, other capabilities) behind an informed 
conjecture (Teece, 2007). 

An EA transforming capability concerns the firm’s dexterity to apply EA to reconfigure working 
processes and the IS/IT landscape, engage in resource recombination, and adjust for 
unexpected changes (Pavlou & El Sawy, 2006; Shanks et al., 2018). This capability is crucial 
for firms that want to achieve sustained profitable growth as markets and technologies 
continuously change (Eisenhardt & Martin, 2000; Teece, 2007). Hence, an EA transforming 
capability accentuates the EA’s importance in response to competitive strategic moves or 
market opportunities (Shanks et al., 2018). In addition, an EA transforming capability helps 
firms match better product-market areas and assets (Pavlou & El Sawy, 2011) while 
simultaneously using EA to create new or substantially changed ways of achieving our targets 
and objectives (Protogerou et al., 2012). 

The concept of EA-driven dynamic capabilities is closely related to IT- and data-enabled 
dynamic and organizational capabilities and dynamic IT (of digital) capability (Côrte-Real et 
al., 2017; Li & Chan, 2019; Mikalef et al., 2021; Riera & Iijima, 2019; Van de Wetering & 
Versendaal, 2021; Wamba et al., 2017). However, there is a critical conceptual difference in 
that EA-driven dynamic capabilities embrace a broader view of what needs to be orchestrated 
within firms (beyond the department or group level) for digital and organizational 
transformation and how this needs to be done. This conceptualization goes well beyond 
(modular) IT or big data as an essential antecedent of a firm’s adaptive behavior (Van de 
Wetering et al., 2021). EA is regarded as a strategy for developing and diffusing IS/IT, big data, 
and other digital innovations (Van de Wetering et al., 2021). 

Development of Hypotheses 

Figure 1 shows this study’s research model and the associated hypotheses. The model shows 
that three essential elements and concepts are involved, i.e., EA-driven dynamic capabilities, 
digital project benefits, and agility, that collectively form this study’s hypotheses. As this study 
builds upon the foundation of the DCV, it is argued that EA-driven dynamic capabilities enable 
agility through—the mediating—digital project benefits. 
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Figure 1 - Research model 

Previous studies have argued that firms’ competitive edge comes from configuring resources 
and facilitating (substantive) operational digital capabilities (Cepeda & Vera, 2007; Wilden & 
Gudergan, 2015). Hence, EA-driven dynamic capabilities provide firms the ability to use EA in 
the process of enhancing data diagnosticity (i.e., retrieval of information from basic data) 
(Ghasemaghaei & Calic, 2019; Lnenicka & Komarkova, 2019), which leads to improved firm 
decision-making processes and support competencies to change the position of IS/IT and 
other firm resources geared toward the operational functioning of the firm (Korhonen & Molnar, 
2014; Lapalme, 2012; Roberts et al., 2012; Shanks et al., 2018). Firms can, therefore, use 
dynamic capabilities to progress their digital distinctive competence—organization’s expertise 
in mobilizing various new innovative digital technologies through a series of routines and 
procedures—in key business processes and facilitate innovative work practices (Bolívar-
Ramos et al., 2012; Korhonen & Halén, 2017; Prajogo & Sohal, 2003). 

EA-driven dynamic capabilities leverage the firms’ EA to bridge the communication gap 
between business and IT stakeholders, facilitate cross-organizational dialogue and input 
(Tamm et al., 2011), and improve digital strategic alignment (Gregor et al., 2007). Hence, it 
can be argued that EA-driven dynamic capabilities allow firms to continuously sense the 
ongoing firm-wide transformations and sufficiently react to these evolvements by recombining 
and redeploying business and IT assets and resources. Furthermore, these EA-driven 
capabilities provide a better understanding of business processes and IS/IT, their 
interdependencies and possible synergies, and provide a foundation for identifying those 
critical stakeholders within the firm that might be consulted and engaged during the process 
technology-driven changes (Tamm et al., 2011). Thus, EA-driven dynamic capabilities allow 
firms to reconfigure the business and the IS/IT infrastructure adequately. Furthermore, these 
capabilities allow them to efficaciously address and respond to changes within and beyond 
the firm’s boundaries. Hence, EA-driven dynamic capabilities are a key driver for digital 
strategic alignment, and thus that the firm’s strategy is designed and subsequently 
implemented to leverage innovative digital resources and achieve differential value (Bradley 
et al., 2012; Chan, 2002; Van de Wetering, 2020). Based on this thorough analysis, the 
following hypothesis is formulated: 

Hypothesis 1: EA-driven dynamic capabilities positively impact the firms’ digital project 
benefits. 

Modern firms can produce value for their customers and business partners by leveraging their 
ability to use their essential resources and organizational digital capabilities (Amit & 
Schoemaker, 1993; Bharadwaj et al., 2013; Warner & Wäger, 2019). According to Anderson 
et al. (2006), it is essential for firms to comprehend their customers’ profiles, needs, 
preferences and develop compelling customer value propositions to be competitive in the 
marketplace. This reasoning line is also advocated by (Narver & Slater, 1990; Nasution & 
Mavondo, 2008). These scholars claim that business managers and decision-makers better 
adopt the customer value perspective that directs the subsequent resource and digital 
capability deployment to achieve a competitive advantage.  

This study follows previous agility scholarship (Lee et al., 2015; Lu & Ramamurthy, 2011; 
Sambamurthy et al., 2007) by claiming that to become agile, and thus the firm’s ability to 
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simultaneously pursue adaptive digital agility and entrepreneurial digital agility, specific digital 
investments, and projects are essential. Adaptive agility (i.e., exploitation mode) concerns the 
firm’s ability to cope with uncertainty and recover rapidly from disruption by using these 
innovative digital technologies without fundamentally changing products or processes 
(Sambamurthy et al., 2007; Subramaniam & Youndt, 2005; Tallon & Pinsonneault, 2011). On 
the other hand, entrepreneurial agility (i.e., exploration mode) concerns a firm’s stance of 
seeking to create new resources, ideas, and applications beyond the boundaries of the firm 
using new innovative digital technologies like big data analytics, IoT, robotics process 
automation, digital security, cloud, mobile and social media platforms (Lu & Ramamurthy, 
2011; Sambamurthy et al., 2007; Subramaniam & Youndt, 2005).  

Digital project benefits facilitate various operational and strategic processes within a firm that 
customers ultimately value (Eggers & Park, 2018; Lee et al., 2015; Rialti et al., 2018). However, 
this is not a process that should be employed in isolation. Instead, to enhance business 
success in the current turbulent market, firms should consider and activate the digital 
resources and capabilities and make digital project investments that focus on digital 
innovations, enhancing business operations, and synchronizing the firm’s assets and 
resources (Hult & Ketchen Jr, 2001). This study argues that digital project benefits lead to 
agility in several ways. First, digital distinctive competencies allow firms to utilize firm-wide 
technological advancements to effectively transform inputs (e.g., information, labor, 
investments) into outputs, e.g., specific products or services (Bolívar-Ramos et al., 2012). 
These competencies are crucial for developing new digital innovations that reinforce the 
prevailing product/service and rapidly develop new digital business approaches or solutions.  

Improved data diagnosticity and thus having knowledge and information in firms will enhance 
the firms’ exploration and exploitation capabilities (Ghasemaghaei & Calic, 2019; Rialti et al., 
2018; Toppenberg et al., 2015) through, for instance, real-time snapshots of customer 
segments. In addition, these insights will enable the organization to continually look for new 
innovative ways to reinvent the organization using new innovative digital technologies to serve 
their clients better while also enabling firms to react to emerging opportunities in customer 
needs.  

Enhanced decision-making effectiveness helps firms to render customers business priorities 
and understand customers’ needs and serve the marketplace better, and positively influences 
innovation success in turbulent markets and thus respond more quickly to change (Cao et al., 
2019; Cepeda & Vera, 2007; Rausch et al., 2011). Digital strategic alignment allows firms to 
leverage digital resources to create differential value and improve their capacity to easily and 
quickly reshape their business processes in turbulent business environments through digital 
innovation (Tallon & Pinsonneault, 2011). The literature acknowledges that firms that obtain 
high levels of digital project benefits are better equipped than competitors to anticipate 
customer demands and respond to business opportunities and threats in the business 
ecosystem (Li et al., 2019; Park et al., 2017). Following the above, this study formulates the 
following: 

Hypothesis 2: Digital project benefits positively impact the firms’ agility. 

Research on EA-driven capabilities has demonstrated that agility benefits can be achieved 
through EA (Shanks et al., 2018; Van de Wetering, 2019b). However, to achieve agility, firms 
need to develop particular data diagnosticity and decision-making skills, and digital distinctive 
competences (Bolívar-Ramos et al., 2012; Cao et al., 2019; Eggers & Park, 2018; 
Ghasemaghaei & Calic, 2019; Li et al., 2019; Sambamurthy et al., 2003; Verhoef et al., 2019). 
Firms also need to execute their strategy by leveraging digital resources to create differential 
value (Bharadwaj et al., 2013; Bradley et al., 2012; Chanias et al., 2019) and consciously 
adjust their digital technology and project portfolios (Bharadwaj et al., 2013; Hess et al., 2016; 
Li & Chan, 2019; Mithas et al., 2013). Moreover, no established IS work proclaims a reliable 
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positive association between EA-driven dynamic capabilities and agility. Based on the widely 
adopted process-oriented perspective, it can be argued that EA-driven dynamic capabilities’ 
effect on agility is intermediated by digital project benefits (Melville et al., 2004; Schryen, 2013; 
Soh & Markus, 1995). Following this line of reasoning, firms can enhance their level of agility 
when they direct the EA-driven dynamic capabilities to develop complementary digital project 
benefits such as enhanced data-driven decision-making benefits and digital resource 
leveraging benefits (Bolívar-Ramos et al., 2012; Bradley et al., 2012; Cao et al., 2019; Chan, 
2002; Ghasemaghaei & Calic, 2019; Wheeler, 2002). Hence, following this analysis, the 
current study proposes that: 

Hypothesis 2a: Digital project benefits mediate the effect of EA-driven dynamic 
capabilities on the firms’ agility. 

Research Method 

Sample and Data Collection Procedure 

An online survey was developed to investigate the research hypotheses. This survey included 
all the main questions covering the constructs in the research model. This survey was 
pretested on multiple occasions by five Master students, four Ph.D. students, and five senior 
business professionals to improve the survey items’ content and face validity. The target 
respondents included senior IT and business managers and staff (e.g., IT managers or chief 
information officers, enterprise architects, and CEOs). Participating Master students of an 
advanced course on strategic EA management of the Open University were asked to fill in this 
survey. These students match the senior practitioner profile as they typically have between 5-
25 years of business experience as a business or IT manager. In case of doubt on a particular 
question, the respondents were asked to consult their manager. All the students (N=214) were 
asked to distribute the survey to two knowledgeable practitioners within their respective 
professional networks. Finally, all respondents were offered a research report summarizing 
the most important outcomes. In line with data privacy, compliance laws, and regulations, 
anonymity was guaranteed, and participating respondents could withdraw their scores at any 
time. The respective survey items were operationalized using a seven-point Likert scale 
ranging from strongly disagree (1) to strongly agree (7); this is a common research practice in 
large-scale cross-sectional studies as there is no existing data (or archival material) to quantify 
the respective items (Kumar et al., 1993). 

Data were collected between the 7th of October 2019 and the 11th of November 2019. A total 
of 369 unique respondents from different organizations started the questionnaire. Thus, this 
study includes 176 usable questionnaires for the analyses after carefully removing incomplete 
(N=25) or unreliable (N=21) cases. Table 1 shows the demographics of the firms used in the 
analyses. 

Most respondents operate either in the private sector (i.e., 52%) or the public sector (i.e., 39%). 
A small percentage (i.e., 9%) comes from other categories such as private-public partnerships 
and non-governmental organizations. The obtained dataset in terms of firm size could roughly 
be divided into small to medium-size firms (i.e., 43%, no. of employees < 1000) and large 
enterprises (i.e., 57%, no. of employees > 1000). Most responses come from senior managers 
(including CIOs, CEOs, IT, business, and innovation managers (approximately 65%). About 
44% of the respondents had more than 11 years of working experience, and 25% had even 
more than 25 years of experience. 

Following the guidelines by Podsakoff et al. (2003), this study accounts for possible common 
method bias (CMB). Hence, Harman’s single factor test was performed on this study’s key 
constructs using IBM SPSS Statistics v24. After loading these constructs onto a single factor 
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using exploratory factor analysis, no unifactor solution could be extracted. This result indicates 
that common method bias is not affected by the collected data sample (Podsakoff et al., 2003). 
Also, as cross-sectional studies are vulnerable to inflation of correlations, this study uses a 
marker variable to estimate further CMB’s possible effect (Lindell & Whitney, 2001). Hence, 
this study follows (Smith et al., 2005) and incorporates ‘years of experience’ (mean = 2.42; 
min = 1; max = 5; median = 2; Std. = 1.40) —that is not theoretically associated with any of 
the constructs—into the structural model and estimates whether or not this marker correlates 
with other predictor variables. Low correlations would further support the absence of CMB and 
also strengthen discriminant validity. This analysis shows that this marker’s average 
correlation with the other constructs is approximating 0 (r = -0.06). This outcome furthermore 
shows that CMB is absent in this study. 

Table 1 - Demographics of firms 

Element Category Frequency Percentage 

Industry Private Sector 91 52% 
 Public Sector 69 39% 
 Private-Public 

Partnerships (PPP) 6 3% 

 Non-Governmental 
Organization (NGO) 5 3% 

 Non-Profit Organization 
(NPO) 5 3% 

Respondent function Chief executive officer 
(CEO) 9 5% 

 
Chief information officer 

(CIO) 10 6% 

 Business manager 34 19% 

 IT manager 40 23% 

 Operations manager 14 8% 

 Innovation manager 9 5% 

 
Business or enterprise 

architect 17 10% 

 IT architect 21 12% 

 
Internal business / IT 

consultant 13 7% 

 
External business / IT 

consultant 9 5% 

Size of firm Less than 100 employees 30 17% 
 101–300 employees 21 12% 
 301–1000 24 14% 
 1001–3000 33 19% 
 Over 3000 employees 68 39% 

Finally, a T-tests group analysis was performed to control for possible late-response bias. 
Therefore, the early (first three weeks) and later responses (final three weeks) for size, working 
experience, and industry showed no significant differences. It can, therefore, be concluded 
that non-response bias is not present in the sample. 
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Measures and Control Variables 

The selection of measurement scales was made following previous empirical and validated 
work. EA-driven dynamic capabilities are operationalized following Van de Wetering’s 
conceptualization (Van de Wetering, 2019a, 2019b). Hence, this construct is operationalized 
as a higher-order construct. Specifically, dynamic capabilities were operationalized using a 
reflective-formative type II model (Becker et al., 2012). The construct was measured using 12 
equally distributed indicators across three first-order constructs, i.e., EA-driven sensing 
capability (Sense), mobilizing capability (Mob), and transformation capability (Trans). 

Digital project benefits are likewise operationalized and contain four first-order constructs. 
These are digital distinctive competencies (DDC) (Bolívar-Ramos et al., 2012), digital strategic 
alignment (DSA) (Bradley et al., 2012; Chan, 2002), data diagnosticity (DAT) (Ghasemaghaei 
& Calic, 2019), and decision-making effectiveness (DEC) (Cao et al., 2019).  

Finally, agility is operationalized using the item-level interaction terms (Gibson & Birkinshaw, 
2004; Lee et al., 2015) of entrepreneurial digital agility (EDA) and adaptive digital agility (ADA). 
Three items for entrepreneurial digital agility were included based on the work of (Lu & 
Ramamurthy, 2011; Sambamurthy et al., 2007; Subramaniam & Youndt, 2005). The three 
measurement items for adaptive digital agility were based on work from (Sambamurthy et al., 
2007; Subramaniam & Youndt, 2005; Tallon & Pinsonneault, 2011). 

This study also included control variables: firm size (ranging from 1.: less than 100 employees 
to 5. over 3000 employees) and industry segment (i.e., private and public sector, private-public 
partnerships, non-governmental organization, non-profit organization). All measures are 
included in Appendix A, including the respective item-to-construct loadings (λ), mean values 
(µ), and the standard deviations (Std.). Appendix B includes the survey items for 
demographics, the marker, and control variables. 

Analyses Using Partial Least Squares 

This study applied SmartPLS version 3.2.7. (Ringle et al., 2015). SmartPLS is an SEM tool 
that uses Partial Least Squares (PLS). PLS is used to estimate the research model and run 
its associated parameter estimates. PLS is preferred over alternative estimations techniques 
such as LISREL, AMOS that use covariance-based modeling. A key reason is that PLS 
emphasizes prediction as PLS maximizes the explained variance in the dependent construct. 
Also, PLS readily handles both reflective and formative measures (Hair Jr et al., 2017; Ringle 
et al., 2012), as this research does, and it allows scholars to understand the interrelationships 
among the constructed latent constructs (Chin, 1998; Hair Jr et al., 2016; Ringle et al., 2012). 
Finally, PLS-SEM is more flexible when is concens the assumptions on multivariate normality, 
the ability to run parameter estimates for smaller samples, and reduces the overall error 
associated with the model (Astrachan et al., 2014; Hair Jr et al., 2017). For the PLS algorithm, 
this study uses the path weighing scheme within SmartPLS. Finally, a non-parametric 
bootstrapping procedure (using 5000 replications) was employed to obtain stable results and 
interpret their significance of the path coefficients between this study’s key construct. The 
sample size does exceed minimum threshold values to obtain stable PLS outcomes (Hair et 
al., 2011). 

This study uses a two-step approach to investigate PLS outcomes. First, using confirmatory 
factor analyses assesses the model’s psychometric properties. Then, the hypotheses are 
tested using the outcomes of the structural model assessment. 
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Empirical Findings 

Measurement Model Analyses Using PLS 

The model’s psychometric properties were assessed using the first-order latent constructs’ 
internal consistency reliability, convergent validity, and measurement validity (Benitez et al., 
2020; Ringle et al., 2015). First, all construct-to-item loadings exceeded a threshold of 0.70. 
Next, all Cronbach’s alpha (CA) and Composite reliability (CR) (the Dillon–Goldstein’s ρ) 
values are above the same threshold (Benitez et al., 2020). Hence, these measurement 
results demonstrate the reliability of the latent constructs. Appendix A includes an overview of 
reliability and validity results. The average variance extracted (AVE), to evaluate convergent 
validity, is used to assess the degree of variance captured by the latent construct while relating 
it to the amount of variance due to measurement error (Ringle et al., 2015). The AVE-values 
exceeded the lowest recommended mark of 0.50 (Fornell & Larcker, 1981). These AVE-values 
can subsequently be used to assess discriminant validity (Hair Jr et al., 2017). The square 
root of the AVE, i.e., the Fornell-Larcker criterion, can be compared with cross-correlation 
values. Discriminant validity assumes that each square root value should be larger than cross-
correlations (Hair Jr et al., 2016). Outcomes confirm this assumption and thereby comply with 
a first discriminant validity assessment. 

Table 2 - Summary of the convergent and discriminant validity of this study’s first-
order constructs 

 ADA EDA SENSE MOB TRANS DDC DAT DEC DSA 
ADA 0.87         

EDA 0.70 0.83        

SENSE 0.45 0.35 0.78       

MOB 0.33 0.26 0.70 0.83      

TRANS 0.48 0.31 0.68 0.66 0.84     

DDC 0.60 0.58 0.46 0.36 0.41 0.85    

DATA 0.42 0.38 0.41 0.37 0.41 0.50 0.80   

DEC 0.60 0.47 0.22 0.10 0.30 0.35 0.31 0.82  

DSA 0.58 0.62 0.43 0.46 0.50 0.64 0.52 0.40 0.88 
          
AVE 0.76 0.69 0.60 0.68 0.70 0.73 0.63 0.67 0.77 
CR 0.90 0.87 0.86 0.90 0.90 0.93 0.87 0.86 0.91 
CA 0.84 0.78 0.79 0.85 0.86 0.91 0.80 0.75 0.85 

Next, the cross-loadings between constructs are investigated (Farrell, 2010). No single cross-
loading exceeds a (correlation) difference of 0.20 (see Appendix C). This comparison further 
confirms discriminant validity. As a final and conclusive step, whether latent constructs have 
the strongest loading with their manifest variables, this study employed a heterotrait-monotrait 
ratio of correlations (HTMT) analysis. HTMT proved to be the most reliable method of 
assessing discriminant validity in variance-based models (Henseler et al., 2015). HTMT values 
are well below the upper bound of 0.90 (see Appendix D), confirming discriminant validity. 
Table 2 summarizes the discriminant validity assessment. 
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Table 3 - Validity assessment of the formative constructs 
HOCs Measures Weight p-value VIF 

Dynamic capabilities SENSE 0.347 <0.001 2.36 
 MOB 0.387 <0.001 2.26 
 TRANS 0.393 <0.001 2.14 

Digital project benefits DEC 0.205 <0.001 1.23 
 DAT 0.286 <0.001 1.48 
 DDC 0.472 <0.001 1.81 
 DSA 0.304 <0.001 1.94 

Finally, this study also investigated the variance inflation factors (VIFs) values for the included 
formative constructs. Hence, outcomes show that each value is well below the conservative 
threshold of 3.5, suggesting the absence of multicollinearity (Kock & Lynn, 2012). 

The preceding analyses show that the measurement model is both reliable and valid. 

Hypotheses Testing 

The outcomes of the model fit1 index analysis were strong. Hence, the obtained Standardized 
Root Mean Square Residual (SRMR) of 0.06 is well below the conservative proposed mark of 
0.08 (Hu & Bentler, 1999). Hence, the structural model and the hypotheses test can now be 
examined. This study investigated each hypothesized path’s significance and the coefficient 
of determination (R2), measuring the model’s predictive power (Hair Jr et al., 2016) to test the 
hypotheses. Also, the model’s predictive power is assessed (Hair Jr et al., 2016).  

The results show that EA-driven dynamic capabilities positively influence (β =.55; t = 9.061; p 
< .0001) toward digital project benefits. Thus, hypothesis 1 is supported. Also, digital project 
benefits had a significant impact (β =.74; t =22.056; p < .0001) on agility, thereby confirming 
hypothesis 2. 

 
Figure 2 - Structural model analyses results 

Finally, as shown in Figure 2, the direct effect of EA-driven dynamic capabilities on agility is 
insignificant (β = 0.05, t = .593, p = .60). This study follows mediation guidelines (Hair Jr et al., 
2016) to systematically investigate whether digital project benefits fully or partially mediate the 
relationship between EA-driven dynamic capabilities and agility. Hence, when digital project 
benefits were removed from the model, the direct effect of EA-driven dynamic capabilities on 
agility was significant (β = .419, t = 5.411, p < .0001). It can be concluded that digital project 
benefits fully mediate the effect of dynamic capabilities on the firms’ agility. Outcomes of the 

 
1 Please note that these particular PLS model fit indices are in an early stage of development. 
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analyses show that the control variables are non-significant: ‘size’ (β = .0021, t = 0.353, p 
= .72), ‘industry’ (β = -.0011, t = 0.204, p = .84).  

Outcomes show that the assessed model explains 30% of the variance for digital project 
benefits (R2 = .30) and 54% of the variance for agility (R2 = .54). These effect sizes are 
considered moderate to large (Hair Jr et al., 2016). A blindfolding procedure is used to assess 
the model’s predictive power (Hair Jr et al., 2016). Hence, the obtained Stone-Geisser values 
(Q2) for the endogenous latent constructs should all be higher than 0 as an indication of 
predictive relevance. As can be seen from Figure 1, all Q2 values exceed 0.30, indicating the 
research model’s overall predictive relevance (Hair Jr et al., 2016).  

Figure 2 summarizes structural model analysis results. 

FsQCA Configurational Analyses 

This study employs fuzzy-set qualitative comparative analysis (fsQCA) (Fiss, 2007; Rihoux & 
Ragin, 2009) to gain insight into the particular conditions in which firms can achieve high digital 
project benefits by developing their EA-driven dynamic capabilities. 

 
Figure 3 - Venn diagram summarizing the key theoretical constructs for the 
configurational analyses 

FsQCA is a set-theoretic, configurational approach that recognizes various causal 
configurations of elements that collectively lead to a particular outcome (El Sawy et al., 2010). 
This approach is a relatively new analysis tool best suited for studying holistic interplays 
between constructs and variables of a messy nature. FsQCA views a multitude of variables 
simultaneously through a ‘holistic’ lens. In contrast with variance and process theories applied 
in IS research, fsQCA supports the concept of equifinality, meaning that the same outcome 
can result from one or more sets of configuration patterns (Van de Wetering et al., 2017). 
Hence, this approach complements SEM in showing the particular conditions under which an 
outcome of interest is obtained in the data. It does so by unfolding the specific asymmetric 
relationship between various (antecedent) constructs and specific outcomes. Therefore, 
fsQCA goes a step further than traditional regression-based approaches and encapsulates 
contrarian cases, that are informative and provide a rich understanding of the data (Fiss, 2007; 
Liu et al., 2017; Woodside, 2013). Under this approach, a single configuration can be defined 
as a specific combination of antecedent conditions and factors present in the data to obtain 
high levels of digital project benefits (Rihoux & Ragin, 2009).  
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The FsQCA approach allows the predictor and outcome variables to be on a fuzzy scale. This 
approach enables the reduction of elements for particular patterns so that configurations only 
include necessary and sufficient conditions. Three different aspects are relevant in this context, 
i.e., core, peripheral, and “do not care” aspects. The first aspect, core elements, tend to have 
a strong causal condition with interest. If peripheral elements are present, these elements 
show a weaker association with the outcome (Fiss, 2011). As a first step, the outcome and 
independent measures were defined and calibrated into fuzzy sets. The independent 
measures are the three EA-driven dynamic capabilities, i.e., sensing, mobilizing, and 
transforming. This analysis’s outcomes are the four digital project benefits, i.e., digital 
distinctive competencies, digital strategic alignment, decision-making effectiveness, and data 
diagnosticity. Figure 3 shows a Venn diagram that summarizes this particular approach. 

These particular sets range from 0 to 1, 0 indicating the absence of set membership, while 1 
denotes full membership. This study used fsQCA 3.0 software (Ragin, 2009) to calibrate the 
items and likewise used it to set the membership based on three particular anchors of 
memberships using a seven-point Likert scale (Misangyi & Acharya, 2014). Hence, this study 
followed particular guidelines for the process of generating fuzzy set-membership measures 
(Ordanini et al., 2014; Park et al., 2017) and defined ‘6’ as the full membership anchor (fuzzy 
score = 0.95), ‘2’ as the anchor value for full non-membership, and ‘4’ as a crossover point 
(fuzzy score = 0.50).  

The fsQCA software produces a truth table after the process of calibrating the data. The truth 
table provides an overview of combinations of elements. In this table, the rows correspond to 
a unique single combination of elements. The number column shows the frequency of cases 
of each of these combinations. The frequency of cases describes the number of observations 
for each possible combination (Fiss, 2011; Ragin, 2009). For relatively small sample sizes, 
this minimum frequency can be ‘1.’ However, for larges samples (e.g., N ≥ 150), this cut-off 
point can be set at 3 (Pappas et al.; Ragin, 2009). This study set a minimum of 3 cases (i.e., 
minimum frequency) and considered combinations with at least 3 instances for configurational 
analysis to assess subset relationships.  

For this study, the degree of consistency is set to a threshold of 0.80, beyond the minimum 
recommended value of 0.75 (Fiss, 2011; Ragin, 2009). The degree of consistency is a 
particular value in the range of 0 to 1. Consistency is a measure that represents the level at 
which a set-theoretic combination leads to a particular outcome of interest (Fiss, 2011), or 
‘….consistency is analogous to a correlation in statistical analysis’ (Wu et al., 2014, p. 1665).  

Coverage is a measure that investigates the appropriateness of a consistent subset and 
determines the percentage of the outcome covered by solutions in fsQCA (Ragin, 2009). The 
measure ‘solution coverage’ defines how much is covered by the solution terms and is, to 
some degree, similar to the explained variance (or R2 value) in statistical analyses (Wu et al., 
2014). There are two other coverage measures in the use of fsQCA. The first one is raw 
coverage. This measure indicates which alternative paths explain a percentage of the outcome 
of interest. The other, unique coverage, indicates the proportion that uniquely covers a specific 
outcome (Ragin, 2009; Schneider & Wagemann, 2010).  

A truth table allows researchers to reduce the number of combinations into a smaller set of 
configurations. This procedure, thus, forms the basis to systematically determine various 
holistic, interconnected, equifinal solutions associated with innovativeness as an outcome 
(Fiss, 2007; Park et al., 2017; Van de Wetering et al., 2017). To do this, the researcher inserts 
a 1 or 0 in the column with the outcome variable. When the combinations have a consistency 
threshold of 0.80 and at least 3 cases, a 1 is inserted. In all other cases, the value should be 
set at 0. Once this step has been completed, the standard analyses can be executed in the 
software. 
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Table 4 shows the outcomes of the fsQCA analysis for high levels of digital project benefits. 
All depicted entries concern core elements. The black circles (●) in this table, and in this case, 
core elements, denote a condition’s presence. The crossed-out circles () indicate the 
absence of a particular element in the solutions (Fiss, 2007; Mikalef et al., 2015; Ragin, 2009). 

Table 4 - Different configurations to achieve high levels of digital project benefits 
 DDC DSA DAT DEC 

Elements i1 i2 i3 i4 i5 i6 i7 i8 i9 i10 
Dynamic 
capabilities 

          

Sensing           
Mobilizing           
Transforming           
Configuration 
assessment 
scores 

          

Raw coverage 0.690 0.390 0.360 0.681 0.410 0.758 0.373 0.370 0.391 0.393 
Unique coverage 0.284 0.017 0.041 0.333 0.060 0.335 0.014 0.021 0.103 0.105 
Consistency 0.860 0.860 0.834 0.854 0.840 0.813 0.876 0.910 0.875 0.927 
Overall solution 
consistency 

0.820   0.840  0.808   0.876  

Overall solution 
coverage 

0.755   0.741  0.804   0.496  

Table 4 shows that achieving digital project benefits stems from various unique combinations 
of EA-driven dynamic capabilities and their respective interplay. In total, each overall solution 
consistency is above 0.80, and overall solution coverage is above 0.49. Specifically, the 
results demonstrate that there are, in total, ten solutions (i1-i10). Solutions i1-i3 are related to 
high levels of digital distinctive competences, whereas solutions i4-i5 show solutions related 
to high digital strategic alignment levels. Furthermore, solutions i6-i8 represent solutions 
related to high levels of data diagnosticity, and finally, solutions i9-i10 are related to high levels 
of decision-making effectiveness.  

As can be gleaned from Table 4, at least one distinct dynamic capability is present per solution 
as a core element, strengthening the previously outlined SEM results. The first solution (i1), 
for example, applies to firms that operate under conditions with a strong sensing and 
mobilizing capability as sufficient conditions. In this case, firms focus on identifying and filtering 
new technological opportunities and gradually adapting business strategies to achieve 
superior digital distinctive competencies. Solution i2 indicates that conditions with a strong 
sensing capability and a low transforming capability are sufficient to predict high levels of 
digital distinctive competencies. This particular condition does not require the continuous 
reconfiguration of business processes and the technology landscape to develop new or more 
productive assets. Instead, identify new business opportunities or potential threats and devote 
sufficient time to enhance the EA to improve business processes. Contrary, solution i3 shows 
that when firms are in a condition of high transforming capability and low sensing capability 
can lead to high levels of digital distinctive competencies. Under these conditions, there is a 
need to quickly reconfigure business operations, focus on adapting human resources and 
business processes, and engage in resource recombination to better match the firms’ product-
market areas and assets.  

Solutions i4-5 apply to conditions where high levels of digital strategic alignment are obtained. 
What is noticeable in solution i4 is that these firms seize opportunities using EA and draw up 
detailed plans to carry out a potential solution. Under this condition, it not only sufficient for 
firms to review and update firm-wide routines orchestrated with recognized good practices; 
they also need to engage in resource recombination to better match product-market areas and 
adjust business processes and the technology landscape. Under this condition, what is crucial 
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for these firms is to have access to resources (e.g., human capital, financial resources, other 
capabilities) behind an informed conjecture.  

Solution i5 indicates that digital strategic alignment can be achieved in the presence of high 
levels of transforming capability and low sensing capability. This condition requires the firm’s 
dexterity to apply EA to reconfigure working processes and the IS/IT landscape and adjust for 
unexpected changes.  

Solution i6 indicates that conditions of strong mobilizing capabilities predict high scores in data 
diagnosticity. This condition does not require sensing and transforming capabilities but 
focuses on mobilizing and accessing technical and data resources to successfully retrieve 
information from basic data. Solution i7 describes business environments where data 
diagnosticity can be attained with high sensing and low transforming capabilities. Thus, it is 
sufficient to proactively cultivate both a reactive and proactive capacity in the business domain 
and adequately evaluate the consequences of ongoing technological transformations under 
these conditions. Like solution i3, the final solution related to data diagnosticity, i.e., i8, shows 
conditions where EA-driven transforming and low levels of sensing capability are ingredients 
of obtaining high outcomes of the focal construct. Thus, this concerns a firm’s business 
environment where firms use EA to change ways and enhance data diagnosticity substantially. 

Solution i9 corresponds to conditions of high sensing capability and low transforming capability, 
just like solutions i7 and i2. Thus, cultivating both a reactive and proactive capacity in the 
business domain is crucial to successful decision-making effectiveness, whereas flexible 
adaptation of human resources, processes, or technology is less important.  

Finally, solution i10 concerns firms that operate under strong transforming capability and low 
levels of sensing capability. Thus, under these conditions, decision-making effectiveness 
results from quick transformation procedures, adjusting business and work processes, and 
the overall IS/IT infrastructure in response to strategic moves in the business ecosystem. 

Robustness and Predictive Power Tests 

Several checks were performed to check the robustness of the above fsQCA results. Hence, 
by making minor adjustments to the calibration threshold settings and the solution consistency, 
it can be checked if the obtained solutions and configurations are sensitive to the 
discriminatory choices made by the researcher (Skaaning, 2011; Xie & Wang, 2020). Hence, 
a robustness test was done using consistency settings of 0.75, and the anchor value for full 
membership was placed on ‘5.’ Thus, varying with the frequency threshold and the baseline 
consistency setting will provide valuable insights about the stability of the obtained results. 
However, it should be noted that lowering the consistency threshold leads to identifying more 
necessary conditions, reducing type II errors that produce false negatives but increasing type 
I errors (i.e., false positives), and vice versa (Dul, 2016; Pappas et al., 2019). 

The results are shown in Table 5, and as can be gleaned from these results, they are highly 
consistent with the results shown in Table 4. Although some differences are notable, which is 
to be expected as it has been demonstrated that small changes can profoundly impact the 
obtained final solutions and their substantive interpretations (Emmenegger et al., 2014; 
Skaaning, 2011). 
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Table 5 - Configurations to achieve high levels of digital project benefits with 
consistency set at 0.75 and a cut-off point of 5 

 DDC DSA DAT DEC 
Elements i1 i2 i4 i5 i6 i7 i8 i9 

Dynamic capabilities         
Sensing         
Mobilizing         
Transforming         
Configuration assessment 
scores 

        

Raw coverage 0.780 0.360 0.681 0.410 0.758 0.367 0.733 0.393 
Unique coverage 0.442 0.041 0.333 0.060 0.422 0.032 0.374 0.034 
Consistency 0.784 0.834 0.854 0.840 0.813 0.910 0.750 0.927 
Overall solution 
consistency 

0.777  0.840    0.756  

Overall solution coverage 0.801  0.741    0.767  

Concerning the solution of DDC, only two solutions are obtained rather than 3 in the original 
solution space. One of these solutions is the same, and solution i1 now only showcases 
mobilizing capability as a condition that predicts high scores of DDC. The solutions for DSA 
are the same. Like for the solutions DDC, only two solutions are obtained for DAT, which are 
both the same as in the original solutions. Finally, concerning DEC, also two solutions are 
obtained, of which one is the same. The other one, i8, now applies to firms that operate under 
conditions with a strong mobilizing capability as a sufficient condition to achieve DEC. 

To further substantiate the robustness of the results, two other analyses were done. First, 
following (Emmenegger et al., 2014), subsequently, 10% and 20% of the cases were randomly 
removed from the original sample, and once again, the fsQCA analyses were performed. 
Again, the outcomes were highly consistent with the original solutions space. Hence, this study 
did not find substantial differences from the initially obtained results based on the outcomes 
of the robustness tests. Therefore, it can be concluded that the fsQCA results are robust. 

Finally, the fsQCA solution’s predictive power was assessed (Pappas et al., 2019; 
Rasoolimanesh et al., 2021). Hence, the sample of 176 was evenly and randomly split into 
two subsamples. Therefore, subsample one was used to identifying sufficient solutions 
following the conditions of the original analyses. The original analyses contained four 
dependent variables (as part of digital project benefits). Therefore, for simplicity, these final 
analyses focus on one dependent variable, i.e., high levels of digital distinctive competencies. 
Subsequently, subsample two is used to draw an XY-plot and calculate consistency and 
associated coverage for the obtained solutions (or models, see Table 6) from the other 
subsample. Hence, the results showcase acceptable outcomes of the level of consistency (i.e., 
0.813) and coverage (i.e., 0.757) for the first model and also for the second model (consistency: 
0.868, coverage: 0.370) from the holdout sample. These outcomes confirm the model’s 
predictive power for digital distinctive competencies. 

Table 6 - Sufficient solutions of digital distinctive competencies obtained from 
subsample 1 

Models from subsample Raw coverage Unique Coverage Consistency 
1. Mob 0.785 0.385 0.810 
2. Sense●~Trans 0.435 0.033 0.882 
Overall solution consistency 0.800   
Overall solution coverage 0.818   
Mob: Mobilizing capability, Sense: sensing capability, Trans: Transforming capability. ●: Logical conjunction 
(AND); ~: Negation (NOT). 
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Figure 4a - XY plot for the first model (see Table 6) using data from the holdout sample 

 

 
Figure 4b - XY plot for the second model (see Table 6) using data from the holdout 
sample 
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Discussion of the Results and Concluding Remarks 

Concluding Discussion 

Modern firms need to ensure that the business can meet the needs of an increasingly complex 
environment. To maintain a firm’s advantage over its competitors under these circumstances, 
firms need to maintain strategic flexibility so that adequate strategic options and sensing and 
responding behavior are exercised (D'Aveni et al., 2010; El Sawy & Pavlou, 2008; Nadkarni & 
Narayanan, 2007; Overby et al., 2006). Firms can then drive the adaptive use of critical 
business and IT resources and reconfigure business processes and innovative service 
delivery (Kortmann et al., 2014; Zhou & Wu, 2010). However, it is well known that many firms 
do struggle in their digital transformation, and this process is usually painfully slow, with many 
hurdles to overcome. Therefore, this study explained how EA-driven dynamic capabilities 
enhance firms’ agility through digital project benefits. In practical terms, this also means that 
decision-makers need to speed up the digital transformation process and be willing to learn 
and be open to new innovative digital ideas and potentially take risks. In case of 
implementation failure, they need to react and correct the designed course when necessary 
adequately. 

This paper shows that EA-driven dynamic capabilities positively affect the firms’ digital project 
benefits and that these benefits positively influence the firms’ dual capacity to simultaneously 
pursue an entrepreneurial and adaptive stance on digital agility. Finally, the outcomes show 
that the effect of EA-driven dynamic capabilities on agility is indirect, and thus digital project 
benefits fully mediate this particular effect. Hence, firms that have not developed their EA-
driven dynamic capabilities could be underutilizing their resources, thus prohibiting digital 
agility and the recombination and development of new products, services, and business 
models that enhance the value created for the customer. 

Theoretical Contributions 

This work adds to the theoretical knowledge base by making four contributions. First, this 
study’s central claim was that when firms have developed their EA-driven dynamic capabilities, 
they are more likely to achieve digital project benefits and ultimately become agile. The 
outcomes of this study using PLS analyses confirm this claim. Therefore, the results shed light 
on the current lacunas in the extant literature concerning the mechanisms through which 
business benefits can be achieved using EA-driven capabilities. Second, this work extends 
existing work on EA-driven capabilities and the ‘type’ of benefits that can be achieved (Niemi 
& Pekkola, 2020). Scholars can use these outcomes to conduct more foundational analyses 
on EA’s particular use and deployment in organizations and better understand EA’s 
interrelationships with dynamic capabilities and value perspectives, as previous empirical 
evidence on the value of EA remains quite limited (Gong & Janssen, 2019; Van de Wetering, 
2019b). Third, prior studies of dynamic capabilities have focused on how firms could address 
the turbulent business environment by facilitating managers to modify existing operational 
capabilities into new ones and create a competitive edge over competitors (Protogerou et al., 
2012). This work complements previous studies by focusing on the value of EA-driven 
dynamic capabilities and digital project benefits in achieving agility, an essential quality 
required to accelerate digitization achieve and successful digital transformation in the current 
turbulent market (Eggers & Park, 2018; Karimi & Walter, 2015; Lu & Ramamurthy, 2011; 
Tallon & Pinsonneault, 2011; Verhoef et al., 2019; Warner & Wäger, 2019).  

Finally, by using fsQCA next to SEM, this study offers a rich understanding of how firms can 
achieve high levels of digital project benefits in practice, a key antecedent of becoming agile. 
The outcomes show that particular causal recipes of EA-driven dynamic capabilities drive 
digital project benefits, and these capabilities should be carefully aligned in practice (Eggers 
& Park, 2018; Verhoef et al., 2019; Woodside, 2014). The unfolded ten solutions (or profiles 
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of corresponding firms) constitute a body of empirical evidence that the conditions for 
achieving high levels of digital project benefits vary among firms with their uniquely developed 
EA-driven dynamic capabilities (Teece et al., 2016; Van de Wetering et al., 2021). These 
results also adhere to the call to integrate the dynamic capabilities view with configurational 
perspectives as it now accounts for the various dynamic capabilities (i.e., sensing, mobilizing, 
and transforming). Integrating dynamic capabilities with a configurational perspective expands 
the methodological toolkit required to advance the empirical assessment of dynamic 
capabilities (Wilden et al., 2016). 

Managerial Implications 

The outcomes of this study provide managerial implications in three ways. First, the outcomes 
imply that decision-makers and senior business and IT practitioners need to have a 
comprehensive view of the state of practice of their respective EA-driven dynamic capabilities. 
EA-driven dynamic capabilities are crucial in leveraging the firms’ business and IT resources 
and obtaining digital project benefits. Hence, dedication and shaping appropriate conditions 
for developing these particular capabilities are essential for a firm’s ability to obtain digital 
project benefits. This work’s outcomes suggest that decision-makers should foster and 
develop these capabilities to maximize the firm’s impact on digital project benefits and achieve 
agility. Likewise, firms can drive this development by setting up teams that bring together the 
skills, competencies, and tools. Rather than a single investment in time, dedicated funding 
and creating an incentive structure (monetary and otherwise) could contribute to this. When 
firms have superior digital project benefits, they are more likely to become digitally agile. This 
insight is essential for firms, as previous studies have shown that this is a prerequisite to 
achieving higher competitive actions (Lee et al., 2015; Sambamurthy et al., 2003; Wiesböck 
& Hess, 2020).  

Second, as the EA-driven dynamic capabilities construct reveals, it comprises various 
underlying key capabilities and complementary managerial practices. Investing in these 
elements in isolation is unlikely to achieve the desired outcomes (Milgrom & Roberts, 1995). 
Consequently, the impact of a system of complementary EA-driven practices will be greater 
than the sum of its parts because of the synergistic effects of bundling practices together 
(Ichniowski et al., 1997). It goes without saying that underestimating the effort, energy, and 
focus required from decision-makers and senior managers causes many transformation 
efforts to fail. Therefore, they should actively look for ways to invest in these capabilities and 
routines to build and develop digital resources and project benefits and respond to the 
changing customer, technology, and competitor landscape (Wiesböck & Hess, 2020).  

Third, this work now argues that decision-makers should be aware of various configurations 
of EA-driven dynamic capabilities that are situationally suited to their current business and firm 
circumstances and characteristics (Rahmandad, 2012). This is important as developing 
dynamic capabilities in firms takes much effort. In practice, decision-makers are, therefore, 
better off at gauging dedicated resources toward specific solutions under the firms’ financial 
and time-related restrictions than investing lots of time and business resources on driving all 
EA-driven dynamic capabilities. 

This study provides insights and guidance on achieving the EA-driven benefits in the current 
uncertain business environment. 
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Limitations 

The study’s limitations are now addressed so that the discussion is put into a proper academic 
context. First, data were collected at a single point in time (cross-sectionally), thus providing 
only a snapshot of the firm’s well-being, limiting our comprehension of the relationships among 
the included constructs in this study. Also, capability building and achieving digital agility are 
typically part of a firm’s long-term goals and strategic direction (Lu & Ramamurthy, 2011; 
Sambamurthy et al., 2003). Therefore, a longitudinal approach could be valuable in providing 
a richer understanding of the dynamics among the key constructs in this study. Second, this 
study used self-reported measures that could be subject to hindsight and possible biases. 
However, obtaining comparable archival and objective measures is a challenging endeavor, 
and self-reported data is justifiable, as these data types are strongly correlated to objective 
measures (Delaney & Huselid, 1996; Wu et al., 2015). Third, as a second-order factor, the 
current conceptualization of EA-driven dynamic capabilities includes three specified 
capabilities representing this higher-order construct’s unique trait. Future work could explore 
possible alternative conceptualization schemes and potentially enrich them with other closely 
related EA-driven capabilities. Scholars could, e.g., investigate EA management system 
adaptability (Akgün et al., 2012) and thus whether the firm’s management practice encourages 
people to challenge outmoded EA practices, traditions, and processes and allows a firm to 
respond quickly to changes in the market. Fourth, all the collected data in this study is from 
Dutch firms. Therefore, the study outcomes could be subject to a specific country, cultural, 
and (local) economic influences (Lee et al., 2015). Notwithstanding, a substantial amount of 
current scholarships comes from Western (North America and Western-Europe) countries. 
This study, therefore, fits into a broader class of studies. 

Finally, achieving agility in today’s turbulent digitized environments could depend on several 
intrafirm and interfirm factors (Park et al., 2020) that this research did not include. Thus, future 
research could embrace a holistic configurational approach that serves as a basis for 
foundational theory-building and situational practice. 
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Appendix A: Survey constructs and items 

  

Construct Measurement item λ µ Std. Reliability 
statistics 

S
en

se
* 

To what extent do you agree with the following statements? (1. Strongly disagree–7. Strongly agree). * EAS, EAM, 
EAT, DSA, DAT use the same Likert. 

EAS1 We use our EA to identify new business opportunities or 
potential threats 0.79 3.81 1.58 

CA1:0.79 
CR:0.86 

AVE:0.60 

EAS2 We review our EA services regularly to ensure that they are 
in line with key stakeholders wishes 0.80 4.27 1.46 

EAS3 We adequately evaluate the effect of changes in the baseline 
and target EA on the organization 0.78 3.98 1.47 

EAS4 We devote sufficient time to enhance our EA to improve 
business processes 0.75 3.97 1.56 

M
ob

* 

EAM1 We use our EA to draft potential solutions when we sense 
business opportunities or potential threats 0.78 4.46 1.39 

CA:0.85 
CR:0.90 

AVE:0.68 

EAM2 
We use our EA to mobilize resources in line with a potential 
solution when we sense business opportunities or potential 
threats 

0.87 4.20 1.37 

EAM3 
We use our EA to draw up a detailed plan to carry out a 
potential solution when we sense business opportunities or 
potential threats 

0.84 4.26 1.51 

EAM4 
We use our EA to review and update our practices in line with 
renowned business and IT best practices when we sense 
business opportunities or potential threats 

0.82 4.15 1.38 

Tr
an

s*
 

EAT1 
Our EA enables us to successfully reconfigure business 
processes and the technology landscape to come up with 
new or more productive assets 

0.83 4.26 1.41 

CA:0.86 
CR:0.89 

AVE:0.70 

EAT2 
We successfully use our EA to adjust our business processes 
and the technology landscape in response to competitive 
strategic moves or market opportunities 

0.84 4.03 1.46 

EAT3 
We successfully use our EA to engage in resource 
recombination to better match our product-market areas and 
our assets 

0.84 3.84 1.45 

EAT4 
Our EA enables flexible adaptation of human resources, 
processes, or the technology landscape that leads to 
competitive advantage 

0.85 3.81 1.48 

D
S

A 

How would you rate your firm’s market agility aspects in comparison to industry competitors? (1. Much weaker than 
the competition–7. Much stronger than the competition)? 

DSA1 
Our organization has a digital strategy to use novel digital 
technologies (e.g., big data analytics, IoT, robotics process 
automation, cloud) to enter new market segments. 

0.89 4.30 1.77 

CA:0.85 
CR:0.90 

AVE:0.77 
DSA2 

Our organization has a digital strategy to develop new 
innovative digital technologies for new kinds of 
products/services. 

0.92 4.38 1.58 

DSA3 
Our digital strategy is one that in practice encompasses a 
fusion view, in which both the information technology and 
business strategy are equated. 

0.82 4.26 1.54 

D
C

 

Indicate the degree to which you agree or disagree with the following statements about whether the organization has 
(1 – strongly disagree 7 – strongly agree) 

DC1 

Competence to obtain information about the status and 
progress of science and relevant new innovative digital 
technologies like big data analytics, IoT, robotics process 
automation, digital security, cloud, mobile, and social media 
platforms 

0.84 4.70 1.50 

CA:0.84 
CR:0.89 

AVE:0.77 

DC2 Competence to generate advanced processes driven by new 
innovative digital technologies 0.85 4.43 1.45 

DC3 Competence to assimilate new innovative digital technologies 
and useful innovations 0.89 4.38 1.46 

DC4 Competence to attract and retain qualified scientific-technical 
staff with adequate digital technologies skills 0.83 4.09 1.60 

DC5 Competence to dominate, generate or absorb basic and new 
innovative digital business technologies 0.86 4.19 1.58 

D
E

C
 

We are more effective than our competitors at (1 – strongly disagree 7 – strongly agree) 

DEC1 Responding quickly to change 0.87 4.05 1.60 CA:0.75 
CR:0.85 

AVE:0.67 
DEC2 Making real-time decisions 0.85 4.19 1.54 
DEC3 Understanding customers 0.72 4.97 1.39 
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1Note: CA: Cronbach’s Alpha; CR: composite reliability; AVE: Average Variance Extracted 

D
A

T 
To what extent do you agree or disagree with the following statements? (1 – strongly disagree 7 – strongly agree). In 
my firm, the understandings/conclusions that we arrive while processing information are often 

DAT1 Sophisticated 0.87 4.41 1.49 
CA:0.80 
CR:0.87 
AVE:0.63 

DAT2 Deep 0.87 4.36 1.49 
DAT3 Creative 0.68 4.12 1.60 
DAT4 Relevant 0.75 5.16 1.19 

E
D

A 

Please indicate your firm’s capabilities relative to competition for each of the following. (1 – strongly disagree 7 – 
strongly agree) 

ENT1 
We constantly look for ways to reinvent/reengineer our 
organization using new innovative digital technologies to better 
serve our market place 

0.73 4.76 1.54 
CA:0.78 
CR:0.87 
AVE:0.69 ENT2 We are the first to market with new digital business 

approaches or solutions 0.88 3.45 1.83 

ENT3 We develop digital innovations and solutions that 
fundamentally change our prevailing products/services 0.88 4.23 1.79 

A
D

A 

Please indicate your firm’s capabilities relative to competition for each of the following. (1 – strongly disagree 7 – 
strongly agree) 

ADP1 We rapidly react to emerging opportunities in customer needs 
using new innovative digital technologies 0.90 3.85 1.59 

CA:0.84 
CR:0.90 
AVE:0.76 

ADP2 
We rapidly respond to competitive and operational threats 
(e.g., process and organizational disruptions) through the use 
of new innovative digital technologies 

0.91 3.89 1.54 

ADP3 We develop new digital innovations that reinforce our 
prevailing product/service lines 0.81 4.44 1.57 
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Appendix B: Survey items for the demographic, marker, and control 
variables 
1. Please indicate the size-class of 

your company.  
(Number of employees) 

Less than 100 employees 
101–300 employees 
301–1000 
1001–3000 
Over 3000 employees 

2. Please select the category 
under which your organization 
falls under 

Private Sector 
Public Sector 
Private-Public Partnerships (PPP) 
Non-Governmental Organization (NGO) 
Non-Profit Organization (NPO) 

3. In which industry does your 
organization operate 
(considering only the core 
business of your organization)?  

Manufacturing 
Wholesale/retail 
Energy and utilities 
Telecommunications 
Finance and insurance 
Publishing/news 
Technology 
Consumer business/goods 
Basic Materials (Chemicals, paper, industrial metals & mining) 
Industrials (Construction & industrial goods) 
Oil & Gas 
Auto/car industry 
Pharmaceutical 
Legal 
Restaurants 
Transportation 
Agriculture 
Health Care 
Education 
Hotel industry 
National government 
Municipal governments 
Real estate 
Police 
Consulting Services 
Other:… 

4.  Please indicate the age of your 
company. 

0–5 years 
6–10 years 
11–20 years 
20–25 years 
Over 25 years 

5.  Please indicate the amount of 
your working experience 

0–5 years 
6–10 years 
11–20 years 
20–25 years 
Over 25 years 

6. Please indicate your current 
function within the organization 

Chief executive officer (CEO) 
Chief information officer (CIO) 
Business manager 
IT manager 
Operations manager 
Innovation manager 
Business or enterprise architect 
IT architect 
Internal business / IT consultant 
External business / IT consultant 
Other: 
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Appendix C: Cross-loading analysis for the first-order factors 
 ADA EDA SENSE MOB TRANS DDC DAT DEC DSA 
ADA1 0.90 0.67 0.40 0.23 0.39 0.50 0.32 0.56 0.43 
ADA2 0.91 0.57 0.44 0.30 0.48 0.52 0.39 0.60 0.49 
ADA3 0.81 0.60 0.33 0.33 0.38 0.55 0.40 0.42 0.61 
EDA1 0.43 0.72 0.30 0.25 0.24 0.49 0.29 0.29 0.45 
EDA2 0.65 0.88 0.30 0.19 0.26 0.46 0.32 0.49 0.48 
EDA3 0.64 0.88 0.29 0.21 0.29 0.52 0.34 0.37 0.63 
SENSE1 0.30 0.28 0.79 0.51 0.55 0.37 0.38 0.17 0.38 
SENSE2 0.47 0.30 0.80 0.58 0.50 0.40 0.34 0.29 0.38 
SENSE3 0.32 0.26 0.77 0.53 0.52 0.34 0.26 0.06 0.25 
SENSE4 0.30 0.24 0.75 0.56 0.54 0.30 0.25 0.15 0.29 
MOB1 0.21 0.20 0.60 0.78 0.51 0.26 0.26 0.13 0.35 
MOB2 0.35 0.28 0.59 0.87 0.55 0.33 0.32 0.07 0.40 
MOB3 0.24 0.17 0.53 0.84 0.56 0.28 0.34 0.04 0.36 
MOB4 0.29 0.19 0.60 0.82 0.58 0.31 0.30 0.11 0.42 
TRANS1 0.43 0.25 0.60 0.61 0.83 0.35 0.33 0.25 0.39 
TRANS2 0.31 0.23 0.60 0.56 0.83 0.30 0.34 0.22 0.36 
TRANS3 0.40 0.32 0.56 0.49 0.84 0.37 0.36 0.23 0.52 
TRANS4 0.45 0.26 0.52 0.56 0.85 0.34 0.35 0.29 0.42 
DDC1 0.47 0.50 0.32 0.29 0.26 0.84 0.38 0.21 0.55 
DDC2 0.47 0.40 0.45 0.35 0.42 0.85 0.44 0.29 0.51 
DDC3 0.55 0.56 0.43 0.32 0.38 0.89 0.45 0.31 0.58 
DDC4 0.49 0.46 0.39 0.27 0.31 0.83 0.42 0.29 0.53 
DDC5 0.57 0.54 0.38 0.30 0.35 0.86 0.43 0.36 0.54 
DAT1 0.36 0.31 0.38 0.38 0.41 0.45 0.87 0.24 0.42 
DAT2 0.35 0.33 0.32 0.32 0.35 0.45 0.87 0.18 0.46 
DAT3 0.41 0.32 0.24 0.22 0.29 0.32 0.68 0.38 0.48 
DAT4 0.22 0.22 0.35 0.24 0.25 0.34 0.75 0.21 0.29 
DEC1 0.57 0.47 0.13 0.02 0.21 0.30 0.25 0.87 0.39 
DEC2 0.51 0.39 0.20 0.12 0.26 0.28 0.27 0.85 0.31 
DEC3 0.38 0.27 0.23 0.12 0.26 0.27 0.24 0.72 0.29 
DSA1 0.53 0.57 0.35 0.38 0.43 0.58 0.44 0.30 0.89 
DSA2 0.56 0.60 0.28 0.32 0.40 0.56 0.47 0.38 0.92 
DSA3 0.43 0.46 0.50 0.51 0.48 0.53 0.45 0.37 0.82 
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Appendix D: Heterotrait-monotrait (HTMT) ratio of correlations 
analyses 

The HTMT criterion is used to assess discriminant validity (Henseler et al., 2015). Typically, 
the square root of the Fornell-Larcker criterion is used with the complimentary assessment of 
cross-loadings of items on other constructs. The HTMT is considered a better approach than 
these two metrics to establish discriminant validity in PLS-SEM studies. A lack of discriminant 
validity can be identified if the correlating-values approach or go beyond the threshold value. 
Methodological studies still debate about an exact threshold HTMT value, although it has been 
suggested that HTMT.90 is considered the final benchmark (Henseler et al., 2015; Kline, 2015). 
As illustrated by the Table-entries below, the correlations are all well below this particular 
benchmark value, although the particular values for the EA-driven dynamic capabilities are 
relatively high. In short, analyses show that discriminant validity is achieved, and thus, it can 
be concluded that the constructs that this study includes are, in fact, not related. 

 ADA EDA SENSE MOB TRANS DAT DEC DSA DDC 

ADA          

EDA 0.85         

SENSE 0.55 0.45        

MOB 0.39 0.32 0.86       

TRANS 0.56 0.39 0.83 0.77      

DATA 0.52 0.47 0.50 0.44 0.49     

DEC 0.75 0.59 0.29 0.15 0.37 0.41    

DSA 0.69 0.76 0.52 0.55 0.59 0.63 0.50   

DDC 0.69 0.70 0.54 0.41 0.46 0.58 0.42 0.73  
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